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INTRODUCTION

Different types of brown sugar available in the market (Beet, Cane and Coconut) could be susceptible to food fraud given their similar organoleptic character and differences in
their prices [1]. Certain minor organic compounds in addition to sucrose usually remain in the final product, which can be identified and used as markers for the differentiation of
these sugars. The identification of a wide range of compounds in a complex matrix can be analyzed by nuclear magnetic resonance (NMR) spectroscopy; however, the information
contained in an NMR spectrum can be a challenge given the complexity of its spectral interpretation [2]. The objective of this study, is to improve the differentiation of types of
brown sugars, mixtures and extracts of sugar beet through a PCA analysis by integrating and undirected resolution of resonance signals in a tH-NMR dataset by Multivariate
Resolution Curve-Alternating Least Squares (MCR-ALS) as an independent preprocessing method, which consists of dividing the data set into spectral windows containing
between one and three resonances, where each independent window is resolved by MCR-ALS [3,4], as well as to compare the results obtained with a more common spectral
preprocessing of dimensionality reduction, such as Binning.
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